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Fig. ] > Wearable RFID device
> Amazon Techno|ogies Inc.
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> Amozon TQChHO|Ogi€S |I’]C.

> patent #US 9,881,276 B2; 30.012018
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> Fitbit Inc. (A|p|’10be’r/Goog|e)
> patent # US 9,662,053 B230.05.2017
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